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Introduction
Teaching and learning is inevitably complex, in particular when learners and teachers are geographically at different locations. Building on his webinar presentation ‘The power of learning analytics to impact learning and teaching: a critical perspective’, Professor Bart Rienties has drafted four key findings from his research team using learning analytics at the Open University, who have been developing, testing, implementing, and evaluating learning analytics since 2014. These studies often use large datasets from hundreds of modules, thousands of students, and have been tested across a range of disciplines, levels, and academic years. Tips as to how teachers can use these research findings into their daily practice are highlighted in bold.

Learning design is essential for learning analytics
1. Learning design is key to understanding learning processes and learning outcomes: 68% of weekly engagement by students is determined by how teachers design their courses (Nguyen, Rienties, Toetenel, Ferguson, & Whitelock, 2017; Rienties & Toetenel, 2016). Teachers can actively encourage students to engage by their design decisions, and can have a significant impact on retention. A study amongst 111.256 students showed that a 1% increase in communication activities in learning design (i.e., student to student, staff to student, student to staff) led to 0.5% increase in retention. Improve sign-posting to students and teachers about the expected learning design, and strive for learning activities related to communication.



Active use of predictive learning analytics improves retention
2. Active use of learning analytics (e.g., OU Analyse) by teachers leads to a 2-5% increase in retention (Herodotou et al., 2017; Herodotou, Rienties, Verdin, & Boroowa, 2019; Rienties et al., 2017) Therefore, there is a strong need to convince teachers to actively use learning analytics.


Student satisfaction is unrelated to academic performance
3. Student satisfaction (as expressed in Student Evaluation surveys) are important, but unrelated to academic performance and retention (Li, Marsh, Rienties, & Whitelock, 2017; Ullmann et al., 2018). Therefore, focus on designing courses that lead to retention rather than ‘happy students’, and hire and reward teachers not on student satisfaction scores but on retention.
4. Student responses to surveys are substantially biased: some groups of learners are more (e.g., women, highly educated) or less (e.g., men, low educated, disabled students) likely to respond to surveys, or to write written comments (Ullmann et al., 2018). Teachers need to think about a broader reach and complex understanding of who is saying what, and whether all student voices are actually heard. 
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